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ABSTRACT 

• In this paper, we address the problem of quantifying 

the reliability of computational saliency for videos, 

which can be used to improve saliency-based video 

processing algorithms and enable more reliable 

performance and objective risk assessment of 

saliency-based video processing applications.  

• Our approach to quantify such reliability is two fold. 

First, we explore spatial correlations in both the 

saliency map and the eye-fixation map. 

• Then, we learn the spatiotemporal correlations that 

define a reliable saliency map.  



EXISTING SYSTEM 

• The majority of existing research efforts focus on 

computational saliency models however, less 

attention has been given to quantifying the reliability 

of the generated saliency maps.  

• The validity of such maps is crucial for integrating 

visual attention in various image and video 

processing applications.  

• It is a common practice to consider the validity of a 

saliency detection model, at every pixel, to be directly 

related to its average performance on image and 

video datasets. 



PROPOSED SYSTEM 

• We first study spatiotemporal eye fixation data from 

the public CRCNS dataset and investigate a common 

feature in human visual attention, which dictates a 

correlation in saliency between a pixel and its direct 

neighbors.  

• Based on the study, we then develop an algorithm that 

estimates a pixel wise uncertainty map that reflects 

our supposed confidence in the associated 

computational saliency map by relating a pixel’s 

saliency to the saliency of its direct neighbors.  

 



HARDWARE REQUIREMENTS 

• Processor   - Intel  

• Speed   - 1.1 Ghz  

• RAM   - 256 MB(min)  

• Hard Disk   - 20 GB  

• Monitor   - SVGA 

 

 

 

 



SOFTWARE REQUIREMENTS 

• Tool   - MATLAB R2012 

• Operating system - Windows Xp, 7 
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