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ABSTRACT 

• We propose a novel adaptive residual network for 

high-quality image restoration in this paper.  

• Our ARN is a deep residual network, which is 

composed of convolutional layers, parametric 

rectified linear unit layers, and some adaptive 

shortcuts.  

• We assign different scaling parameters to different 

inputs of the shortcuts, where the scaling are 

considered as part parameters of the ARN and trained 

adaptively according to different applications.  



EXISTING SYSTEM 

• Image restoration methods based on convolutional 

neural networks have shown great success in 

literature.  

• However, since most of networks are not deep 

enough, there is still some room for the performance 

improvement.  

• On the other hand, though some models are deep and 

introduce shortcuts for easy training, they ignore the 

importance of location and scaling of different inputs 

within the shortcuts.  



PROPOSED SYSTEM 

• Due to the special construction of ARN, it can solve 

many image restoration problems and have superior 

performance.  

• We have proposed adaptive residual networks for 

high-quality image restoration.  

• It is made up of six cascaded adaptive shortcuts, 

convolutional layers and PRe LUs.  

• Each adaptive shortcut contains two small 

convolutional layers, followed by PReLU activation 

layers and one adaptive skip connection.  



HARDWARE REQUIREMENTS 

• Processor   - Intel  

• Speed   - 1.1 Ghz  

• RAM   - 256 MB(min)  

• Hard Disk   - 20 GB  

• Monitor   - SVGA 

 

 

 

 



SOFTWARE REQUIREMENTS 

• Tool   - MATLAB R2012 

• Operating system - Windows Xp, 7 
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